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1. Introduction
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A (7-20x) SRR BRI BTN SOk R BE T — AR T . FATIRE TR
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R T RAEARSCPA OCR M IR il (R Fog 25 W R 45 &I 518 5 RS
PAFRTI R MR SCAR AL B RE IR AR GE T RRCRITRE 1 Byl RETE
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B TR E AR MARYERRS GbR . AR B fitz M SE Bl P, B E# S
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2. natin:

Prvi dan tréanja Tomislav moZe izabrati na 7 razli¢itih

SU

14. Masa 7eli popuniti tablicu tako da u svaku éeliju upisc jedan broj. Za sada je upisala dva broja kako je
prikazano na slici. Tablicu Zeli popuniti tako d: tri ¢
je 22, a zbroj brojeva u poslj

.

A) 63 B) 108 o0 D) 48 E)39

e 25. Koliki je umnozak brojeva koje ée upisati u s

Rjesenje: A) 63
1. nat

a je 7broj svih upisanih brojeva 35, zbroj broje: éelije

<|ref|>text<|/ref|><|det|>[[55, 43, 130, 6011<|/det|>
2. natin:

<|ref|>image<|/ref|><|det|>[[70, 93, 450, 360]11<|/det|>

<|ref|>text<|/ref|><|det|>[[460, 95, 896, 132]]l<|/det|>
Prvi dan tréanja Tomislav moZe izabrati na 7 razli¢itih nadina.

<|ref|>text<|/ref|><|det|>[[460, 131, 880, 168]1<|/det|>
Drugi dan tréanja moZe izabrati na 4 razliéita nadina postujuéi uvjet da ne tréi
dva dana za redom.

<|ref|>text<|/ref|><|det|>[[460, 166, 941, 220]1<|/det|>

Time dobiva ukupno \(7 \cdot 4 = 28\) moguénosti no svaka od njih je na taj nalin
brojana dva puta (npr. PO-SR i SR-P0). Stoga je ukupan broj razli¢itih rasporeda
tréanja:

<|ref|>equation<|/ref|><|det|>[[460, 217, 550, 256]11<|/det|>
\[ \frac{7 \cdot 4}{2} = 14. \]

<|ref|>text<|/ref|><|det|>[[55, 397, 931, 452]1]l<|/det|>

14. Mada Zeli popuniti tablicu tako da u svaku ¢eliju upide jedan broj. Za sada
je upisala dva broja kako je prikazano na slici. Tablicu Zeli popuniti tako da je
zbroj svih upisanih brojeva 35, zbroj brojeva u prve tri ¢elije je 22, a zbroj
brojeva u posljednje tri ¢elije 25. Koliki je umnoZak brojeva koje ¢e upisati u
sive celije?

j br 2510 je 71
cliji 19 +21 - 28 = 12 Onda je broj u drugoj éeliji 19— 12=7, a br

nozak tih brojeva je 63

25-4=21 <|ref|>table<|/ref|><|det|>[[57, 450, 360, 500]11<|/det|>
0 u Getvrtoj <table><tr><td>3</td><td></td><td></td><td>4</td></tr></table>

ako 7broj
To znaéi da je broj u trecoj &
celiji 21~ 12 = JmnoZzal

1ij

<|ref|>text<|/ref|><|det|>[[55, 515, 110, 534]1]1<|/det|>
0's a, b i ¢ brojeve koji nedostaju u tablici. A) 63

3 la | b |e| 4 <|ref|>text<|/ref|><|det|>[[230, 515, 293, 53411<|/det|>

B) 108

Trazimo umnozak brojeva a i c.

Kako 7broj brojeva u tablici mora biti 35 10 je 3+ a-+ b + ¢ +4 = 35 odnosno: <|ref|>text<|/ref|><|det|>[[485, 515, 450, 534]11<|/det|>
(1) a+b+c=28.

Kako zbroj brojeva u prve tri éelife mora biti 22 to je 3 + a + b = 22 odnosno: o e
@a+b=19

Kako zbroj brojeva u posljednje tri ¢elije mora biti 25 to je b + ¢ + 4 = 25 odnosno: <|ref|>text<|/ref|><|det|>[[581, 515, 636, 534]1<|/det|>
() bte=21 D) 48

(a) Ground truth image (b) Fine annotations with layouts

5| OCR 1.0 KsAIbRERE R o AN PRF L SSAREAG T AL 1 75 SO SR AR o, B BocA
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SRl PR A SR AL BRSNS A TR, AR AR AL Q1 T 60 J7 AR BdEAEAS . FET
%5 DeepSeek-OCR I, HARZE MRS AI AR AN ] 32 /R TRl EA T IX 3o R 20 b PRI SO Y JL 5
FRZQIIE 5 Fis . FRATIRUEE T 300 J5 5% Word $iis , 4 BB BN 250 1 T0 AT R i v o e ]
SO o A B HTML R R lian. seoh, JATes 7 —LIFEdE (28, 37]
YEAANTE.

XFF H AR5 OCR, FATAYRAIY 32 50Ky A e S R Bl >k 0 LAION [31] A1l Wukong [13],
i/l PaddleOCR [9] #EATHRIE, HHE304% 1000 3 & BdikeA . 530 OCR 260U, BRI 5
OCR ] PAIE 1:d $ s 1l 28 /@ 7 i HE A DU

3.4.2. OCR 2.0 i

#E GOT-OCR2.0 [38], FATRFEIFR . th2a XA L i Ficdi ge il OCR 2.0 #dfs. X
TEIFREE, #895 OneChart [7], Ff1ffH] pyecharts Fl matplotlib &Y T 1000 J7 k&R, F
AR E FIT I . ARRIE . DR AR . AT R R e ON 5 5] HTML 4% 1%
Beff:55, WE 6(a) Fim. X2 A, FRATPA PubChem () SMILES #&=A/E MEdEE, I
i/} RDKit fHyg e h B, MET 500 xR S8R . S P L &5, A1EE Slow
Perception [39] #F472E R FKINE, FRATHF perception-ruler K/ 4 KX R AL BOIF T2
B R T ITE AR Z R, FRATSIA TP R A B, BI7E [ — 5 ia K 5 TR



(a) Image-text ground truth of chart (b) Image-text ground truth of geometry

K6 | XTI, FATARRM OneChart [7] Y7 dEa, 2] HTML A% 0hnss,
XA PAFT A — KA Tokeno XF1-FJLA, FATREERERGCy 7k, Hppr ity
LB wmiAbAR. RBCRISEHE, DASRSA M. REAREBUY R Slow Perception [39] HJ7 3
PEATIRAY .

FHF AT IR, SR TFAE AR 2 p OO B2 il B AH (W] B b4 o FEREERE b, FAT LB T
100 J3 26 i LT i@ et il 6(b) B

3.4.3. WP R

DeepEncoder fgi32 41T CLIP MFIIZACR, 1A LS EoRmAE R HIL,
FA1tl DeepSeek-OCR s 1 —LEMI N A K . 206 DeepSeek-VL2 [40], FA1AM T MK
BGAA (caption). AIENL (grounding) SFE 55 HUA K E . FFEHETER)Z, DeepSeek-OCR
FRARE A VIM B8, 2 B O SRR i 20% . JRAT5 1A MSREE 1202 0 1 OR B i )
MAEHE T, ASERPAZAE A AT 55 B GBRABIE N LR SR RERS SEBEMBAHEIEAT ¢ T A

3.4-4. BESCAEE

N TE T RE S, FATTIAT 10% B NFRAESCARTII G, Fra s A B 8192
/> Token HJKJE, XjE DeepSeek-OCR WYFFIK L. L3 Bk, 1Eill%k DeepSeek-OCR I,
OCR #dii i 70%, il FILSERE L 20%, AiSCAREE & 10%.
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FAIImARAEE e, T2 AWAEB: a) M7 iIZ% DeepEncoder; b) Ik DeepSeek-
OCR. FEHHEMNE, Gundam-master B0 X 1| 251K DeepSeek-OCR FLZLfi F 600 J1
SR FEBR AT AR SN A0 . TINS5 oAb A R, AN A

3.5.1. )I%;x DeepEncoder

R Vary [36], TR EEMIEZ B [15], H6EHF—A~ Token BIMAELA Y% DeepEn-
coder, ZEMLWTEE, FAUUH THIRAIHA OCR 1.0 Al 2.0 ¥, PAJA LATON [31] #cfugsrh
STRER 1AL ISR, B BRI 2 A epoch, $HUCK/INA 1280, A A %R A
22 (22 1) AddamW [23] PiAbs, 2£35%K 5e-5. PIGEREHIKEEN 4096,



3.5.2. )I%; DeepSeek-OCR

DeepEncoder HEf a4 f5, AT 3.4 b4 a9 %dE R JI%% DeepSeek-OCR, #4145
WA HALLLM [14] V& E#ff7. BAMEARHTUKLIAT (PP) , 48 4 A, Hop
DeepEncoder fi 2 A4, iR i 2 A4« X DeepEncoder, FATTR SAM Fl 45 #45 MR
RS SRS, BCEAE PPO HURGSHSEL, RIEPRF CLIP 3 A AR, BUETE PP 3
FEARCE AT . X TIE S A, 11T DeepSeek3B-MoE # 12 J2, #ATHE PP2 1 PP3
RAHCE 6 2. FRATEEA 20 AR (AT A 8 1Kk AL100-40G GPU) #4714k, it
11 (DP) & 40, &Jafttik /R 640, FRAIEHHA L KM AdamW {Lfbds, #Ii6>
RN 3e-5, XFFAiSCARE, YIZEEE N 900 12 Token/K; T LRSI, IHE N 700
f¢. Token/ K.

22 | AT Fox [21] BN A BT A 437 600-1300 4~ Token [ SC3CRY, &Ml DeepSeek-
OCR MEISCHES % . Text tokens F/nfii | DeepSeek-OCR. 4312 X BLSE SCAHEA 74310 J5 1)

Token % . Vision Tokens=64 5§ 100 435113277556 A KGR /N 512x512 F1 640x640 J5,
DeepEncoder #j H i 5E Token (5.

i Token % =64 P Token % =100
SOk Token Bt pewnre  prgor  |WEE  R4TE WO

600-700 96.5% 10.5x 98.5% 6.7x 7
700-800 93.8% 11.8x 97.3% 7.5% 28
800-900 83.8% 13.2x 96.8% 8.5% 28
900-1000 85.9% 15.1x 96.8% 9.7x 14
1000-1100 79.3% 16.5x 91.5% 10.6x 11
1100-1200 76.4% 17.7x 89.8% 11.3x 8
1200-1300 59.1% 19.7x 87.1% 12.6x 4

4. PEAG
4.1. FESCESMESE

AT Fox [21] HEMHAKRINE DeepSeek-OCR X & SUA SRS RS ST RE ST, PARIA R
K ETF ORGSR . BATEH Fox B3 SCCRYER%, FIH DeepSeek-OCR )
srialgs CRAIRIUNA 129Kk) X B SCARMEAT 400, I BUEL S 600-1300 4~ Token [ 3CAY
i, 3t 100 7. T S04 Token HEAK, BAMIFLAE Tiny F1 Small Fl R MK
fig, i Tiny BizUX R 64 4~ Token, Small BIzUXIR 100 4~ Token. FAIH A L mWiER
it “<image>\nFree OCR.” eds il iy thig . Rk, s iks Fox i
MAASE AR VCRE, PR S o g 2 s v T I 5 2R

W 2 Pon, e 10x EAERAN, BRI AR R 2y 97%, EXR— 1 IEHLS A
SUERIAE R . ROk, BVF AT DA SO BT YR SR 10 Yol TR SO 24 RS AR
10x B, PERETFAGRIE, XATREA PR —R KRS R A 2, 2 KUY
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% 3 | FAEE A OmniDocBench [27] i DeepSeek-OCR 7EE S SURYENTAE S LI PERE. Frp
A FEhR Y SR B, BEBUNE R RE BT . “Tokens” FE7naF T I -4 5 Token %i
5, i «T200dpin ST B fity YR EILHE(E ] 200dpi. XFF DeepSeek-OCR ##%4 . “Tokens”
YIRS BB R R A RO Token i, MHEARK 1 HESH.

L 5'a rhg
Bt Token Bl wepk gk A5t i WUF K SOk AR &
W S5
Dolphin [11] - 0.356 0.352 0.465 0.258 0.35 0.44 0.44 0.604 0.367 0.351
Marker [1] - 0.296 0.085 0.374 0.609 0.116 0.497 0.293 0.688 0.678 0.329
Mathpix [2] - 0.191 0.105 0.306 0.243 0.108 0.364 0.381 0.454 0.32 0.30
MinerU-2.1.1 [34] - 0.162 0.072 0.313 0.166 0.097 0.244 0.111 0.581 0.15 0.136
MonkeyOCR-1.2B [18] - 0.154 0.062 0.295 0.164 0.094 0.263 0.179 0.464 0.168 0.243
PPstructure-v3 [9] - 0.152 0.073 0.295 0.162 0.077 0.223 0.136 0.535 0.111 0.11
S 21 iy F 7Y
Nougat [6] 2352 0.452 0.365 0.488 0.572 0.382 0.973 0.998 0.941 1.00 0.954
SmolDocling [25] 392 0.493 0.262 0.753 0.729 0.227 0.816 0.838 0.997 0.907 0.522
InternVL2-76B [8] 6790  0.44 0.353 0.543 0.547 0.317 0.443 0.29 0.701 0.555 0.228
Qwen2.5-VL-7B [5] 3949  0.316 0.151 0.376 0.598 0.138 0.399 0.243 0.5 0.627 0.226
OLMOCR [28] 3949  0.326 0.097 0.455 0.608 0.145 0.469 0.293 0.655 0.652 0.277
GOT-OCR2.0 [38] 256 0.287 0.189 0.360 0.459 0.141 0.411 0.315 0.528 0.52 0.28
OCRFlux-3B [3] 3949  0.238 0.112 0.447 0.269 0.126 0.349 0.256 0.716 0.162 0.263
GPT4o [26] - 0.233 0.144 0.425 0.234 0.128 0.399 0.409 0.606 0.329 0.251
InternVL3-78B [42] 6790  0.218 0.117 0.38 0.279 0.095 0.296 0.21 0.533 0.282 0.161
Qwen2.5-VL-72B [5] 3949  0.214 0.092 0.315 0.341 0.106 0.261 0.18 0.434 0.262 0.168
dots.ocr [30] 3949  0.182 0.137 0.320 0.166 0.182 0.261 0.229 0.468 0.160 0.261
Gemini2.5-Pro [4] - 0.148 0.055 0.356 0.13 0.049 0.212 0.168 0.439 0.119 0.121
MinerUz2.0 [34] 6790  0.133 0.045 0.273 0.15 0.066 0.238 0.115 0.506 0.209 0.122
dots.ocr200dpi [30] 5545  0.125 0.032 0.329 0.099 0.04 0.16 0.066 0.416 0.092 0.067
DeepSeek-OCR (3 53 )
Tiny 64 0.386 0.373 0.469 0.422 0.283 0.361 0.307 0.635 0.266 0.236
Small 100 0.221 0.142 0.373 0.242 0.125 0.284 0.24 0.53 0.159 0.205
Base 256(182) 0.137 0.054 0.267 0.163 0.064 0.24 0.205 0.474 0.1 0.181
Large 400(285) 0.138 0.054 0.277 0.152 0.067 0.208 0.143 0.461 0.104 0.123
Gundam 795  0.127 0.043 0.269 0.134 0.062 0.181 0.097 0.432 0.089 0.103
Gundam-M 200dpi 1853  0.123 0.049 0.242 0.147 0.056 0.157 0.087 0.377 0.08 0.085

512x512 B 640x640 73 HEA T ASHMEN . 55— AU AT DAIE K SCARTE e 31 115/ it 1L
KA, MBA TN AR OB AL B — R, 2495 Token FE4HIT 20x I, A
KIURGHR AT REREE 60% . X LELREN], R 30e g — MR AR 7 0,
H HZITIEA W RALMHINITE, FOTEnT AR A VLM RIS, 2SR 54 S
TR ML A i % o

4.2. OCR 3zbsPEfik

DeepSeek-OCR AU~ SEHa A, Eib B a5l R i SE b I RE ST, T F#47 LLM/VLM
W EAE. S 7R OCR ¥, FAT#E OmniDocBench [27] EJli{T DeepSeek-OCR, £
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7 4 | OmniDocBench HR[FRZEBSCRF B B . S5REH], FLERMAY SO (LT 64 B 100
AiE Token BT RAEFIERE, M HMRRNIFZ Gundam .

K | e oo W oy B A
*ﬁiﬁ 4:5%% ij:Tﬁf jﬁ% %Z%’]':B "L:Lt% ;ﬂ%il‘f\ i/l:\,jc 5@13 ﬂiz& %MX

Tiny 0.147 0.116 0.207 0.173 0.294 0.201 0.395 0.297 0.94 0.32
Small 0.085 0.111 0.079 0.147 0.171 0.107 0.131 0.187 0.744 0.205
Base 0.037 0.08 0.027 0.1 0.13 0.073 0.052 0.176 0.645 0.156
Large 0.038 0.108 0.022 0.084 0.109 0.06 0.053 0.155 0.353 0.117
Gundam [0.035 0.085 0.289 0.095 0.094 0.059 0.039 0.153 0.122 0.083
Guandam-M|0.052 0.09 0.034 0.091 0.079 0.079 0.048 0.1 0.099 0.077

BN 3 s, XF 100 PMGE Token (640x640 433%%), DeepSeek-OCR {H#8#k T Jf] 256
> Token f) GOT-OCR2.0 [38]; FEf#iH 400 4~ Token (285 A%k Token, 1280x1280 43 )
B, HAPERE S ME A L B e B RRT- . AE RS 800 A4~ Token (Gundam X)) )
LT, DeepSeek-OCR, WEILTFHEE 7,000 S5 Token ¥ MinerUz2.0 [34], X 2bgh R
B, AR DeepSeek-OCR BIZUAESL b b A R B, Hli T H &8 @) Token H4E,
A TS5 LR, As shown in Table 4, some categories of documents require very few
tokens to achieve satisfactory performance, such as slides which only need 64 vision tokens. For
book and report documents, DeepSeek-OCR. can achieve good performance with only 100 vision
tokens. Combined with the analysis from Section 4.1, this may be because most text tokens in
these document categories are within 1,000, meaning the vision-token compression ratio does
not exceed 10X. For newspapers, Gundam or even Gundam-master mode is required to achieve
acceptable edit distances, because the text tokens in newspapers are 4-5,000, far exceeding the
10x compression of other modes. These experimental results further demonstrate the boundaries
of contexts optical compression, which may provide effective references for researches on the

vision token optimization in VLMs and context compression, forgetting mechanisms in LLMs.

4.3. IR
4.3.1. BB

DeepSeek-OCR ARG OCR 2.0 A8y, AEAZE T — YORIZE F 2E— At SR A A )
%, FAVFILTIBERR A “URBEMENT. WA 7. 8. 9. 10 i, ATRBEU TR G — R, B
A EE . JUTEE . ar A 2 B AR BRI TR AR AT
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Top of Mind

Issue 137

Macro news and views
We provide a brief snapshot on the most important
us

L i nges in views

economies for the global markets

Japan

« We now assume a 10pp increase in the US effective tariff
rate {vs. 4-5pp prior) as reciprocal taiffs and furthor increases
in product speciic trifs now seem likely.
We raised our Dec 2025 core PCE inflation forecast to ~3%
(ffom 2.5%, yoy), loweres our 2025 GDP growh forecast to
1.7% (from 2.4%, Q¢/Q)—our first below-consensus call in
25 years—and sightly raised our end-2025 unemployment
rate forecast to 4.2% (from 4.1%) and our 12m recession
dds 10 20% (from 15%) to reflect our new tarff base case.
Datapoints/trends we're focused on
« Fed cuts; we sillexpact wwo in 2025 and one more in 2026,

A much more adverse tariff base case
Impact of tarif increases on the effective taiff rate, po
.

Latest GS i ges in views

 No mejor changes in views.

Datapoints/trends we're focused on

BoJ policy, we expect the BoJ to continue hiking rates ata

pace of two hikes per year, with the next hike in July.

« Shunto'spring wage negotiations; we expect a shunto base
pay rise of least in the low 3% range for this year, with risks
skewed to the upside given strong wage requests:

+ Japanase consumsr sanimert, which softenad or a i
consecutive mont .

Joprta st prodcion,which ol for a i
consecutive month in January.

Asstrong spring wage negotiation season

Shunto wage hike reauests and actual bese pay rise, % change yoy

v

. — e s oy et b e ueiors
bl g —Actual base pay rise
" In Effoct Ukely § 6
o3 [— : N 2025t py et
S s
: « N . —
H o -
p_m 3
BB :
LRI B .
4 8 5 8 % & o8 %
8 £3 é 3 o -
= = 1990 1995 2000 2005 2010 2015 2020 2025
Soure: Gotiman S G St JTUC RENGO, Kdren, Goldan Sochs Gl
Europe Emerging Markets (EM)
L i i nges inviews | i ints/major changes in views

+ We recently raised our 2025/2026/2027 Euro area real GDP
forecasts to 0.8%/1.3%/1.6% {from 0.7%/1.1%/1.3%) and,
in turn, our ECB terminal rate forecast to 2% in Jun (from
1.75% in Jul to reflect the higher European defense
spending we expect over the next few years.

Datapoints/trends we're focused

« Germany’s substantal fiscal package, which we expect to
pass, though it s far from a done deal given political hurdies.

« Potential Russie-Uaine ceasefire, which we think would
result in a modest Euro area GDP boost (+0.2%, unless it
entails a comprehensive resolution to the conflict (+0.5%).

A European defense renaissance likely ahead

G forecasts of mmmw spending, % of GDP

"
-
.
-
.
. | | | | I | |
"

‘Source: NATO, Galdman Sochs IR

« No major changes in views.
apoints/trends we're focused on

« China growth; we expect high-tech manufacturing to continue
playing an important role in supporting China's growth ahead.

« China P inflation, which fell sharply in February, though this
‘mainly owed to distortions related to the earler-than-usual
Lunar New Year holiday.

« India’s cyclical growth slowdown, the worst of which we
think is now over, but we expect an only-gradual recovery.

« CEEMEA growth, which would benefit from a potential
resolution 1o the Russia-Ukraine conflict.

China: a growth boost from high-tech manufacturing
Est. annua real GDP contrbution from high-tech manufacturing, pp
15

2025 202 2027 202 2029

‘Source: NBS, CEIC, Godman Sachs GIF.
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Macro news and views

We provide a brief snapshot on the most important economies for the global markets

Japan]
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Europe

Latest GS proprietary datapoints/major changes in views

We recently raised our 2025/2026/2027 Euro area real GDP forecasts to 0.8%/1.3%/1.6% (from 0.7%/1.1%/1.3% ) and. in tum.
our ECB terminalrate forecast to 2% in Jun (from 1.75% European
the next few years

Datapoints/trends we're focused on

Germany's substantial fiscal package. which we expect to pass. though it s far from  done deal given political hurdies. Potential
Russia- Ukraine ceasefire, which we think would result in a modest Euro area GDP boost (+0.27%) . uless it entails a
comprehensive resolution to the conflict (+0.5%)

A European defense renaissance likely ahead

G forecasts of military spending, % of GDP

35 #2024 2025 #2026 2027
Germany  France Span  Euoarea

Source: NATO, Goldman Sachs GIR.

Japan

Latest GS proprietary datapoints/major changes in views

No major changes in views. Datapoints/trends we're focused on BoJ policy we expect the Bol to continue hiking rates at a pace of
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A strong spring wage negotiation season

Shunto wage hike requests and actual base pay rise, % change yoy
7 —Average base pay requests by trade unions
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2025 base pay requests.
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Storybook
Reading
for Young

Dual Language

Learners

Cristina Gillanders znd
Dina C. Castro

In a community of practice meeting, teach-
ers discuss ther experiences reading
aloud to dual language learmers.

‘Susan: When | am reading a story, the
Latino children in my class just st there.
‘They look at me, but you can tell that they
are not engaged in the story.

Lisa: That happens in my class too. The
little girls play with their hair, and the
boys play with their shoes.

Beverly: And when you ask questions
‘about the story, children who speak
English teke over and you can't get an
answer from the Latin childran,

Faciltator: What do youthink is happening
here?

Lisa: | think they just don't understand
what the story is about.

Faciltator: How can we help them under-
stand the story so they can partcipete?

RESEARCHERS WIDELY RECOMMEND
storybook reading for promoring the
eary language and literacy of young
children. By listening to stories, chi-
dren learr aboul written syntax and
vocabulary and develop phonolo;

g
cal awareness and concepts of prin,
all of which are elosely linked to
learning to read and write (National
Early Literacy Panel 2008). Teachers
usually know a read-aloud exper-
ence has been effective because
they see the children maintain their
interest in the story, relate different
aspects of the story to their own
experiences, describe the illustra-
tions, and t the

happens when the children are read
toin a language they are just bey
ning to learn? What happens when
an English-speaking teacher reads
astory 1o a group of children whe
are learning English as a second

uags?
Asillustrated in the vignette at the
beginning of this article, teachers
often describe young dual language
learners in their class as distracted
and unengaged during read-aloud
sessions in English. I this article,
we describe teaching strategies that
English-speaking teachers can use
when reading aloud to young dual
These strategies

characters and plot
However, listening tc a story read
aloud can be a very different experi-
ence for children who speak a lan-
‘guage other than English, What

Gristina Gillanders, PhD, is a researcher at the FPG Ghild Development Instiute at the.
sity of igat

are part of the Nuestros Nifos Early
Language and Literacy Program, a
professional development interven-
tion designed ‘o improve the quality
of teaching practices n prekin-
dergarten classrooms to support
Spanish-speaking dual language
al. 2006). The

Hill She was an

intervertion was developed and

study, ar
g istir evaluated in a study funded by
DinaC. Castro, PID, is Child Developont Instute. She  the L Education
was he pricipal Investg Nasstros Ninos siucy. on Teacher Carolina
:)"a‘an‘::‘fnm ;maam@unceﬂu and inguistic More at Four Pre-Kindergarten
Pholos courtesyof the authors S —
we. Naeyc’z, 3
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Storybook Reading for Young Dual Language Learners

Cristina Gillanders and Dina C. Castro

In 2 community of practice meeting, teachers discuss their experiences reading aloud to dual language leamers.

Susan: When |,am reading a story, the Latino children in my class just sit there. They look at me, but you can tell that they are not

engaged in the story.

Lisa: That happens in my class too. The little girls play with their hair, and the boys play with their shoes.

The image depicts an indoor classroom setting with a group of children and an
adult. The children are seated on the floor, facing a woman who is standing and
appears to be reading or presenting to them. The woman is wearing a brown
sweater and blue jeans. The children are dressed in various colors, with some
wearing short pants and others in long pants.

Beverly: And when you ask questions about the story, children who speak English take over and you can't get an answer from the

Latigio children.
Facilitator: What do you think is happening here?
Lisa: | think they just don't understand what the story is about.

The classroom has a green wall with educational posters and a bulletin board. Facilitator: How can we help them understand the story so they can participate?

The floor is covered with a gray carpet. To the left, there is a wooden dresser with
a drawer partially open, and a chair is visible behind it. On the right side of the
image, there is a purple bean bag chair.

RESEARCHERS WIDELY RECOMMEND storybook reading for promoting the early language and literacy of young children. By
listening to stories, children learn about written syntax and vocabulary and develop phonological awareness and concepts of print,
all of which are closely linked to learning to read and write (National Early Literacy Panel 2008). Teachers usually know a read-
aloud experience has been effective because they see the children maintain their interest in the story, relate different aspects of the
" ) N N story to their own experiences, describe the illustrations, and ask questions about the characters and plot.

The children are engaged with the woman, with some looking at her and others
looking down or away. The room is well-lit, and the overall atmosphere seems to
be one of attentiveness and learning.

However, listening to a story read aloud can be a very different experience for children who speak a language other than English.
What

happens when the children are read to in a language they are just beginning to leam? What happens when an English- speaking
teacher reads a story to  group of children who are leaming English s a second language?

The text "BIBLIOTECA" is visible on the wall, suggesting that the room may be
part of a library or a section dedicated to books. The presence of educational
materials and the organized layout of the room indicate that this is a space
designed for learning and reading.

Asillustrated in the vignette at the beginning of this article, teachers often describe young dual language leamers in their class as
distracted and unengaged during read- aloud sessions in English. In this article, we describe teaching strategies that English-
speaking teachers can use when reading aloud to young dual language learners. These strategies are part of the Nuestros Nifios
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[00369] The title compound was prepared in an analogous fashion to that described in
Stage 22.1 using 5-br hloro-N-(4 i icotinamide  (Stage .
222) and 2-methylamino-ethanol to afford a white crystalline solid. HPLC (Condition 4) t, = 5.72 (96001 iheni crgeid v e B AL es So Bt Bedles
Stage 22.1 using 5-bromo-6-chloro-N-(4 i icotinamide  (Stage

min, UPLC-MS (Condition 3) tp = 1.14 min, m/z =452.2 [M+H]*.
22.2) and 2-methylamino-ethanol to afford a white crystalline solid. HPLC (Condition 4) tp = 5.72|

Example 24 min, UPLC-MS (Condition 3) t, = 114 min, m/z = 4522 [M+H]*.
N-(4-(Chlorodifl ph hyl(2 )amino)-5-(IH-pyrazol-5-
vDnicotinamide N-(@-(Chlorodifl Yol hyl(2 Yamino)-5-(IH-pyrazol-5-|
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[00370] The title compound was prepared in an analogous fashion to that described in —>
Example 26 using 5-bromo-N-(4 i yphenyl)-6-(ethyl(2- [00370] The title compound was prepared in an analogous fashion to that described in
Example 26 using 5-bromo-N-(4 i hyl(2-

hydroxyethyl)amino)nicotinamide (Stage 24.1) and I-(tetrahydro-2H-pyran-2-yl)-5-(4.4.,5,5-
\hydroxyethyl)amino)nicotinamide (Stage 24.1) and 1-(tetrahydro-2H-pyran-2-yl)-5-(4,4,5 5-

tetramethyl-1,3 2-dioxaborolan-2-yl)-IH-pyrazole  to afford a yellow solid. UPLC-MS (Condition
3) ty = 1.02 min, m/z = 452.2 [M+H]*, m/z = 450.1 [M-H] ; '"H-NMR (400 MHz, DMSO-d ) 8
lppm 0.93 (t, J = 7.09 Hz, 3 H) 3.17 - 3.27 (m, 2 H) 335 - 3.43 (m, 2 H) 343 - 3.53 (m, 2 H) 4.59

tetramethyl-1,3 2-dioxaborolan-2-y])-IH-pyrazole  to afford a yellow solid. UPLC-MS (Condition
3)tg = 102 min, m/z = 452.2 [M+H]*,m/z = 450.1 [M-H]; 'H-NMR (400 MHz, DMSO-d ) 8
ppm 093 (t, J = 7.09 Hz, 3 H) 3.17 - 3.27 (m, 2 H) 3.35 - 343 (m, 2 H) 343 - 3.53 (m, 2 H) 459

(br. s, 1H) 6.53 (d, I = 1.96 Hz, 1H) 7.33 (d, ] = 9.05 Hz, 2 H) 7.76 (br. s, 1 H) 7.82 - 795 (m, 2 5 50 € 1G5, 5 P (e AT o ) T (o 50 PR S 12
H) 8.13 (d, =245 Hz, 1H) 8.72 (d,7=2.45 Hz, 1H) 1029 (s, 1 H) 1298 (br. s, 1H). H) 8.13 (d, J = 245 Hz, 1H) 8.72 (d, ] = 2.45 Hz, 1H) 1029 (s, 1 H) 1298 (br. 5, 1 H).
[00371] Stage 24.1 5-Bromo-N-(4-(chlorodifluoromethoxy)phenyl)-6-(ethyl(2- 003711 Stage 24.1 5BromoN-(4 7 = T
hydroxyethyDamino)nicotinamide hydroxyethyDaminojnicotinamide
CI O Cl_O-
0 O
L )k(\Ia. P8 On ~
" NSNS NSNS
c 4
[00372] The title compound was prepared in an analogous fashion to that described in [og3721 [Ealitiebatpouivas prsiiared i Enenalopousitasiionlibhatsscibed i
Stage 22.1 usii br¢ -hloro-N-(4 i icoti i St:
Stage 22.1 using 5-br hloro-N-(4 i icotinamide  (Stage Lo (Stage
Input image Result
[00369] The title compound was prepared in an analogous fashion to that described in Stage 22.1 using 5-
<image>\nParse the figure bromo- 6- chioro- N- (¢- (Stage 222) and 2- ethanol
to afford a white crystalline solid. HPLC (Condition 4) tg = 5.72 min, UPLC- MS (Condition 3)
tr = 1.14min, m/z = 452.2[M + H]* .
Cl Example 24
N- (4-(C 6- (ethyl(2- 5- (IH- pyrazol- 5- vDnicotinamide
- )
Q R
FF [ N
N Z N
H [ H
NTONTN
OH

[00370] The title compound was prepared in an analogous fashion to that described in Example 26 using 5-
bromo- N-(4- ( 6- (ethyl(2- (Stage 24.1) and
1={tetrahydro- 2H- pyran- 2- yl)- 5- (4,4,5,5- tetramethyl- 1,3,2- dioxaborolan- 2- yi)- 1H- pyrazole to afford a
yellow solid. UPLC- MS (Condition 3)

tr = 1.02min, m/z = 452.2[M + H|*,m/z = 450.1[M — H]~; "H — NMR (400 MHz, DMSO- d6) § ppm
093 (t. J = 7.09Hz, 3H ) 3.17 - 3.27 (m, 2 H) 335 - 3.43 (m, 2 H) 3.43 - 3.53 (m, 2 H) 459 (br. s, 1 H) 653 (d.

J = 1.96Hz,1H) 7.33 (d, J = 9.05Hz,2H ) 7.76 (br. s, 1 H) 7.82 - 7.95 (m, 2 H) 8.13 (d, J = 2.45Hz, 1H) 8.72
(d. J = 2.45Hz, 1H ) 10.29 (s, 1 H) 12.98 (br. s, 1 H).

[00371] Stage 24.1 5- Bromo- N- (4- (chlorodifluoromethoxy)phenyl)- 6- (ethyl(2-
hydroxyethyl)aminojnicotinamide

cl_O.
?(F Oufﬁ&
NSNS
¢

OH

Br OH
[00372] The title compound was prepared in an analogous fashion to that described in Stage 22.1 using 5-
bromo- 6-ctiloro- N- (4- (chlorodifluoromethoxy)phenylnicotinamide (Stage
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ontainer labeled for food storage purposes. The lid is yellow and
ut.

<image>\nLocate <|ref|>11-2=<|/ref|> in the image. <image>\nDescribe this image in detail.
A green plastic
11.0-]

translates roughly to "Fresh

le part of the label is large lettering stating " i #," meaning

9

pwriting styles but overall
contents description

a N ] Sl
<image>\nLocate <|ref|>the teacher<|/ref|> in the image. ;:)Tjﬁge;\rl)lgsggfy all objects in the image and output them in
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"I like how Bonnie’s not stepping on my last nerve.”

<image>\nix /& —ik

<image>\n<|grounding|>OCR the image.
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