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Abstract

FATHEH DeepSeek-VL2, X @Mt KBRS LK (MoE) MAtiE Sz RS, if i i
FARE T et T RIS DeepSeek-VL. FEM LA T, FATTIA T —Fhshi& sl
ORI RN, T oA PEON A B L PER BRI i T FEEF A, AR T RS2
SBFEEE S (Multi-head Latent Attention) LI DeepSeekMoE #57  iZ AL FriE(E (Key-
Value) ZATEG MIBAER &, MM SEB S R f s ki . e s = Bda g Lttt s
YIZR)5E, DeepSeek-VL2 FEL WU 55 L s RE )y, GFREAR T E . Je 745 R
AL SRS/ ek BIFRIRME A E A7 . FRATHIBLIA R =48k DeepSeek-VL2-Tiny .
DeepSeek-VL2-Small fil DeepSeek-VL2, #iEZS400- %8 1.0B, 2.8B fil 4.5B. 534 EHE
BERIAUFI I T MoE ByBABUAHLL, DeepSeek-VL2 FEFLIE SHE S MBS E DN T, BUST

HAER oot rEae . RARTIAEZIE AHT https://github. con/deepseek-ai/
DeepSeek VL2,
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B 1| AFIJFIRERI 5Pk e S s S 80 e . AT MMBench v1.1, MMStar, MMMU
(Val), MathVista (TestMini), AI2D (Test) fil OCRBench FHERGF 4T T . OCRBench [
41 BRPA 10 AR HAH ) [0,100] X[E].
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1. 515

KRB SE-EF B (VIMs) C O N TR RSB — A o pt Jy & [15, 54, 59, 63, 83, 88, 94],
FRAUE SR (LLMs) 1Y L8R3 e 2 ICEEAL LI 5 SOARE R . X —VE AR In R T
N RE R GE I T B2 RS BRAR ) 52 A IS T 5 Y 7 )

TEABAIM A, FAIHEL T DeepSeek-VL2, 32— R I IR E TR . RBHAR
RAELR (MoE) By, METHAIL DeepSeek-VL [59], FEM:AESRHARTTHIIA T T B3
$Tho BATHI R TR F G =M DI REIT (1) —FhahaS e 2 PER 00 i SR, DAL
WHERE T (2) —FIUALmTE SR, BT T ISR SHERRCR; (3) —ERdi kil
- B BRI, AT TR R, IERFRZRE T R AR R LS R 5 S U

TEGEALE DT, FATTIA T —Fhah S Bl 5o g i 5Rms ,  RERS R ROL PLEAT AN 7] 58 & e
W HERE R . T EEEE T DeepSeek-VL IR -G WSS #E (J5 & 7R WA E & 4 HE R
(384 x 384 I 1024 x 1024) T H2HUEIRHRHIE ) o FATHIITIREMR T IR 2 RO g i 1) R R
TER B R PER AL 5 R I, AR IE RE L. SR /b / IR 0 A A B AT BE AL 4
B, [P REE T AR ALSE token B o ARSI YT R BT E . FATH RS sh S HR m=70 Bt
I AR R B, Gl e Transformer ALPRAEANEIBL, HAETE S B A JCSE R
FRRBUNRHE . BT RE T BA JRE R PLH S Transformer FIIEH:, REAETEAFE R
R HER G A M2 O S SR R R TR T, SR I RHE AR L

EEFHM T, FKATRM T DeepSeek iHFHIAL [20, 53], HAZ DR Z KBETE T
(MLA) #lfil. MLA @ RrE (KV) ARG MG R, BB T IERA, Nmses
TP S S ARk . AT 25T DeepSeekMoE HEZE [20, 86] AR, %
HEZLRH THETTERAR . RATWBIZL RS 5 =Fh MoE 42{4: 3B, 16B fil 27B. XL KiEFH
PR 0 S50 5k 0.57B. 2.4B #il 4.1B,

BEAh, BAETCR . B MBI IR T T - S g . XA iR
(AR BOAE 55 S B T SRRz AR RE ) S PERER L, IS LR (VQA). JLa T 4FiH
5 (OCR). SCHYS /2t /IR . Ao HERE DAL 8 F RS AR o et 5 U i T
TR E CCATEE N P (GUT) JBOmaE e

Zi BPrid, DeepSeek-VL2 FiGH KHUMHE & & AN E-15 5 BT — R E KRR, 8
1 4L T AL PRERIS S ACRTE SR, AT A T — RSIAETERE 5 AR Z [ UG R 4F-F
AL T P LB TN G, AT B AL SO BRI, S RIS RA
K.

2. BRIy

DeepSeek-VL2 1 =/MZOBHA A (1) Poddaidas, (2) MoE-iEFiaEniss, Pk (3) IRA*%
% (Mixture-of-Experts) 155 8 . 7EHFI RIS ES (decoder-only) 1] LLaVA XU [54]
ey Bhit I, DeepSeek-VL2 5| A THI £ Z it SI754rHkm (dynamic tiling strategy) DA

3



This image  displays
(Y DeepSeek-MoE

Describe this image in detail

Dynamic Tiling 3 3
VL Adaptor Vision Encoder

4 2 | DeepSeek-VL2 %, #{RL5HR A LLaVA KAEZLH, g dmidas . -5
fiids (VL adaptor) PAREETIRALH (MoE) HIRIEFHAL.,

MR ZBAedZ S (Multi-head Latent Attention) [53] fJ DeepSeekMOE [20, 86] 155 5L
A, K EEQ AR Y GRS B A B 1 A BRI B A A B

B YR . J5h DeepSeek-VL R T — R AL S H S 4%, 457 SigLIP [106] 7 384 X
384 AR T AATHRLEERHESE I, PAJ SAM-B [35] 7£ 1024 x 1024 73 #A3 T IEA AL
AEPRH . RUE MRl & IR AE N T 3E T 2 A T5 S5 i R B A RAE, (HHSZ FRT T E
[ 1024 x 1024 73 FARABR . X —FRAITE AL BE T i 70 B S Wi B i LAY LIRS T 8, il
InfographicVQA [67]. #HIL2AF#F I (OCR) PARANKLEEMLSEE (AT 55 I IR

AT E-E F A (VLMs) SRR & [16, 21, 55], FoATiE 655 4 B g 43 #1h
ZAEY (tiles) SRLIBNASPRNE . %A MR 84> SigLIP-SO400M-384 5l [106]
B SR A R R 96 5 LU A 2 s i B G . ISR SigLIP ELfiti 7 HE%ky 384 x 384,
R AR S H, FRATTE ST — 4R/ % Cr={(m-384,n-384) | me N,neN,1<
m,n,mn <9}, Hrtm:n FIRGEFE . ST R (HW) A RS, FATTHER RN
F Cr RRMEE T PRI TR I 7 X . AT K I M 2 385 (m; - 384, n; - 384)
BifS, TR /ING R BRI h m xng S ROT R 384 x 384 211 JRil B, AR —4)R
25 [l I B SigLIP-SO400M-384 WA X TA (1 +m; x ny) A EIHGHITACI, 17 Sk
27 x 27 = 729 ANYEREH 1152 GG A . BT IHERCR S LR CREEHEN S &, R
Zik (>2) EBgE, FROEH T 30 PoR .

PLBE- 15 HIERCAS - TETE MLTE I BALER S, FRATTHAAT 2 x 2 R B (pixel shuffle) #81F, 5
T FERA I (tokens) I 27 x 27 42 14x 14 = 196 4>, i f& , TEALEE (1+m; x ;) A>I&]
Benk, FATGIAT =R X T2 maams E E e (14 x14), TAVEF—ARRERM 14 4>
<tile_newline> %fifl, {3 HAUAZF] 14 x 15 = 210 > X THEASTEAR N (m; - 14, ny - 14) {9 4k
PIAR R my X ng SRR B, BATTERG—F R EIB I m; - 14 4> <tile_newline> 4, PAFIR

LIRATE SRR IR R R, BRI AR PERRICAS B E R AR T LA O e
AT
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View Separator Token New Line Token

K 3 | DeepSeek-VL2 vty gh sy Peifimn il . @it g 7 Z A B, DeepSeek-VL2
FHEET DeepSeek-VL SEEH T 55 1 A1V BE R AR AE

% 1| DeepSeek-VL2 MRUACE . FLA15H AW SHA KSR G % G0 KA 1E
NS

DeepSeek-VL2-Tiny | DeepSeek-VL2-Small | DeepSeek-VL2
iGN 129,280 102,400 129,280
IRAYERE 1,280 2,048 2,560
HER TR 10 16 32
Z5 12 27 30
R I 2R ES MLA (rank=512) MLA (rank=512)
i R 64 64 72
HFLFTEL 2 2 2
LR g% Top-K 6 6 6
% PR Softmax Softmax Sigmoid
L HFARE . X X v

AR —ATEE R BEAL, FEA Rging I B 5 Rl B Z [l A —~ <view_separator>
QR SERERIE P 210+ 1+ m; - 14 x (n; - 14+ 1) DIELHE, BlJm il IE 2 R
HHL (MLP) RHABGE 2E SRR IRA S . FATZHZS 5 BRms i T UL R B gl 3 Fs .

DeepSeekMoE Kifi & B FAIHIE BT DeepSeekMoE [20, 86], JFHEM T % 3%
BIEH S /1 (Multi-head Latent Attention, MLA) #L#l [53]. MLA @i ¥4 (Key-Value)
AT AR VAL ) SRR THERIRCE, Nt &, AR TIRA K (MoE) 4
1 [20], SIS mESOER. 7E MoE IR, FATHEN LRI IAT — D2 E
W [86], PMEHA T Iy s & KI5 89 M. DeepSeek-VL2 $2{IE=FsfA, R SH & 53
B4 1.0B, 2.8B fll 4.5B. SEREMA ML 1.

3. Bl

FA112H DeepSeek-VL2 ML FR M HE T — P aH A MRE-1HF (Vision-Language) ¥fidk. il
G N =AAFERIB B (1) E-HFA5F (VL alignment) , (2) P3E-EF HI% (VL
pretraining), VALK (3) MBI (supervised fine-tuning, SFT). fELATHRZH, AR
38 B A9 e



3.1. BB SR ST R

XIFFT B M E T2k MLP Bfeds, PANFHZIIZRMEamidds 5 0E S8 (LLM), 1E
WANIRTIART B, AT T ShareGPTAV [12] Hfidle, Bdattl &y 120 Jr K KB HA A
XGRS o

3.2. BURE-if S PN

A DeepSeek-VL [59] ik, BATIHONGEIRSS & 7167 (VL) Bl 5 i SR80,
PAME VL B8 H SASCAMEREZ A RES-FAT . X DeepSeek-VL2, FAIGREFZ 70% ¥ VL i
5 30% MIZESCARAE LB, 5 EAERIET RATEAN LLM (RN RER A, 3R, AT
VL Bt 3 JLEH PR TR A 18

SERTPR-SCA B . FATHBHRICIR LG T 2 AT IR ER AR, B % WIT [79], WikiHow [38] PAK
M OBELICS [41] AL 30% A iX—FrEryiR & 2l HE DeepSeek-VL2-Tiny
R SRR E R . ISR TR F RE ST, FATEATETE N E ARS8 T Wanjuan [29]
RN SN A, AL, FRATIT 2T TR AR, DAY R ) B tH SRR i 7 i Y

Pl iR Bt . Geid 2 VIM YIZRrh g B, $eft 7 lue 5 SORE B2 I B 5%
AR T 2R EEHESE 8, 25, 28, 306, 37, 39, 40, 48, 50, 51, 73, 78, 80, 82], #A1, &
IR 7 A R X e RS 2 IR AP R i 22 57, AR seitE VIM A iy 46 . R
fiiids, PR RIG . B SORVCECE A B BRI PR BIARNGE  R I 28 i R — B,
TN R T —BEEM BB A NUK L, RRUKEEGHIE T (1) OCR #27R, (2) Jifid
(A PROTE . ARPLZSR), PAK (3) IR R o dsial . JRATT T N AR ik AL il
1645 PixelProse [78] LAY MR BB EOR A= itk , IR M Z R fE k515 VLM
Fofit A i A

RGN R A P T, (BT R BUOBARERUK 4 P AFAE A . SRR IX—
L, FMISE0E T — B Rk, (1] DeepSeek Chat [53] {5 1T X BT filiid
PEATVRA o FESERRH, 5 EAAE S BRSO R

XFFRBUN (OCR) Hdli. WIFA OCR ey, HAVHEM T EHF LaTeX OCR [7] #1 1200 13
% RenderedText [93] 75 N ATFREEREE . FATRHX LEHHEEL S — 56 2 P OO JER
i OCR Bfmdeitir. Hal, FA TR 1 S0 TS SO SO AR il
TEARNAY TAE e 2 HAE S

WEMZE (QA) Bl TERMRHE P, FOVLIEN QA BRI AA W 29
Abo PG, BATHE T LA QA Bdlafk, WHATIA:



o Wil VQA. FAI4HE TH H DeepSeek-VL fiEH VQA #i¥fi. ¥ EZIEHIESH [59].

o FHs. PESSCPBRR. 1% A PubTabNet [112], FinTabNet [111] F Docmatix [42]
DAY SCRY HL i BB

o MIGUEARIS 5P #4E Python )k, /G DeepSeek-VL pfifiZ, FATFIH Websight [44]
PETH T ELACIE AR T, I AT Jupyter i A 3REUY Python EIFEHE. AT
WA DeepSeek V2.5 & BI# 5 Websight £ eI uniz#iinse. ok, HA1LHH
DeepSeek V2.5 A i) Python £ FEIAHE R Jfi /b el £ 6 AR R B i e =

o WALEHE R QA FRATIEANG (9] s, BRI R Ras (B, HHE. (BB A
BAY) EMEPEA [9, 89, 90] WEG I, MEMESREREE. BiS, FRO10IE T HE
TR LEM LR TR SE XA QA Xt

WL (Visual Grounding) ¥fi. AT [71, 75] MEMSEE (RS . FHurgikE B
(W B SRR, BA TR RS an T :

o #iRiA (Prompt): Locate <|ref|><query><|/ref|> in the given image.
o [1% (Response): <|ref|><query><|/ref|><|det|>[[x1, y1, x2, y2],.]<|/det|>

IR RE, FRE R M RIE P BEPLRFE . <Iref|>, <|/refl>. <ldet|> flI <|/det|>
NERRARIC (special tokens) . <query> sZZEHIAFE (U “car”) BiMAHEIA (U0 “the leftmost
person”) W) 50I4F. [Ix1, yi, x2, y21, .1 B PNHFHESHE, Hb g0 R XY —
RN E . A8 x1, y1 5 x2, y2 SRR EASA A, HRIERGES PR —E 0 &
999 WIFEHEIN . MOk, FROTAE 7 oakeA, Pl H AR e BB ios s gk, DASR TR AL Y B
P

BUBEE O R . FRAVIOLSEE RO IR BORSERET [71) #9%, ROTAI R
o $RiA: <lgroundingl> ik E & ay iy A 7

o M W R <lrefl> 7 <|/ref|><|det|>[[x1, y1, x2, y2],.]<|/det|> [EFZEEH I
.
%

5 H AR S E R, <lgrounding|>. <|ref|>, <|/ref|>, <ldet|>. <|/det|> ¥JHfE
ARG, Hoxt, yi, x2, y2 SEHFEAHE—ETE.
3.3. WE B

A1) SFT $dush & 7 2 REEE S SR Er A (QA) Xf. TR
BATFESR T SET Bt 5 o7 &2 5 1 i) %5 7



WU . RE LTI M EBIREMIEE L [9, 10, 27, 31, 43, 47, 74], (HENLEFAT
TE=ATRJRIRME: (1) SRR, (2) OCR PR, PAK (3) FFAEZITENAS . NfuX 2]
B, BATE TR A% IR IR, BB OCR {5 R EHAE NI . RATWEIERY, %
RERS 2L CE 4 Th . MERRIOSS R . AETT ol e, FRATILEEE] DeepSeek-VL2 pyRIMIIA (JLH 2
Tiny AZ{K) FEH SCRISZ /R A M IBASE SRR . RS E R AT B IR B, X
W IR A A IR DA A -1 5 TN 2B Be e Bl i AN . S e i/ MR X — fRy
PR, FADTT R T AW QA Biliide, Hh W& SREL R AR Bk / Z e xiE . %
BARGAT B T R SRR . BEAh, FRATEIMAE T — N EdRSE , DA SEBLSE T -5 30
AR RAIPLE AR, R shiE . MZERER (memes) . SEEAIEARZEGI .

OCR 3P, Fan T HAVSCIEM ERHHA A INHK L, DeepSeek-VL2 £ I LT
i sE A A H A (VLM) 19 OCR RSy, I, 7E SFT Brie, A Rt—2aK OCR
PERERERTE, i L TR UEIUA T IR ER 4 [24, 31, 43, 66, 67, 77, 92, 104], FFR T OCR
A ZE I REAS . FESCRYFRAA T THT , AT N FREH ks e 7 — 2 R SCR BT 146 . B
Jei, FMIA T LT ET X SR BEAR ) 22 5 X 250 I AEREN], %5 IASE T T T SO
LHRR

B PRI . AT R T RS M AL AR, ST T TR R QA BT e,
i VIR ATTERLE [14, 49], Cauldron [43] BRAh (EUIREASC A SR ). STERE-E
H NGO B A ) OCR BB 13EML, FRATAYRLALAE B R BEAR D5 i R BLH SR B MR RE , TosFaish
BN

P, BERSGBCE. AT RERR A THERSE [17, 43, 61, 76, 102, 109] *b3E 1 B AN HE
B AR, HAREAL TSRS, R A RET MR ARRE . RATWEE], IR/ VLM i,
TR0 SRR S A . FEFRATHYRZ T, DeepSeek-VL2-Tiny {7 B fij i 4 [7] 52 i
ESIIUNES

B SRS . BATERET SO T — L ETEM i de . s ERMET
s 2RI KA G N A

W 5% RS L Pl ke Python fURSAR.  FATE T HT M AU AI Python 2 [AIUAL i P
Bt , FOIAGEL T I ZRp B B OTE o T ITIRER AR FRATi L B A R SRR
THH A

PR, AR E [2, 23, 64, 85, 101, 110] M¥dat T30 E M BdhgE . AR THER
REJT, BATRFA R BIE AT C, AR TROMY SRR . FROTIEA I T BT SCULSE E (74



i, AL BRI E S % B i TR Bt [ = e A iC M S B X R 0L T, e K R
TE LA G . Bl AR DA T 24544 -

e Prompt: <|grounding|>The first image shows <object>.Please identify the object
of the same category in the second image.

o Response: <|ref|><description><|/ref|><|det|>[[x1, y1, x2, y2]1<|/det|>

TEHAE T, <lgrounding|>, <|ref|>, <|/ref|>. <|det|> fll <|/det|> JEHFFRIC (to-
kens). fH{fF <object> fLFEIEW “L G FMENAINS" Z 25618, 1 <description> NI
SRS U B (X AR (Fan “587) .

BB PO G FRAIAIA [62, 72] M TS AL R, PARE— P SR A AN SR 5 B
LA RE

ali OB, APRERRBAIE S RE ), TRATTHE SET BrBofs (i fH 1 4l SCA 5 S a4 (4,
6, 18, 19, 68, 70, 84, 91, 98],

4. ZJiik

4.1. YIZEHre

DeepSeek-VL2 W2k N =FrBomfd: (1) BIaGkBe, FATEMSS 3.1 5 HaR 0 B SCRx &l
E 8 78 1 5 AR B[R] I R0 g A e ML E-18 F B B A MLPs (2) WilgkprEe, FAIMH
55 3.2 A EEE T TE S IO (3) BORBTEL, FRATEM S 3.3 i s s T i
B FERNAAEIRN B, Ira B SE (BRIt . o155 W BCAe FIiE 5 L)
BRI IR . FERTA B, RO S BEAR AR ), IF HAUAE SCA token EIFRTR
—> token TN K .

PUBE- I SHRST . BT HIIZRE B (DeepSeckMoE 3B/16B/27B), FATH 322 H AR AE
UBERHES T 5 R AR Z (S AR R R 1 e . ON SR i R (il T R S A A RE 8 AT S b B S
Ao SORFFITIINZRAL I8 o B 5 AT S5 B 7 (9 e il oA (54, 59) ANIE], FRATx i E 7 B i il
AR AT TGRS, VASCREBIES R 2 HERIE R . FEIB B, TATERS G SB[, XL
A AL - TR S G A I T AL -

f N = ) 2 R N T S E: VA Nt = DU B o S LA (NE AN 7 e A At S N I )
-1 S WO GR . ZBr BEME TAEZ AT 55 _ B i i S -85 RR . NIRRTy
S8 (EFISEH DS . 0E-15 5 G ACH: MLP I DeepSeekMoE B E L), PASCILARIAULL
fto B2 800B |83 token (55 3.2 4%), &M BUEARIFHIAUTME T REIR I, B84 Tt
THZ RS HREE



% 2 | DeepSeek-VL2 JIZi# 58 Step LR AT S UGRAL L 50% M 75% AbA5af )
B V10,

DeepSeek-VL2-Tiny DeepSeek-VL2-Small DeepSeek-VL2
BEH0E (LLM) 3B 16B 27B
G SR (LLM) 0.57B 2.4B 4.1B
R SigLIP-SO400M SigLIP-SO400M SigLIP-SO400M
25 BrE: 1 rBE2 BB 3 | BBl BrBr2 BBE3 | BrBE 1l BB 2 BB 3
)R 54x107454%x107* 3.0x107%|4.2x107% 42x107* 1.4x107°|4.5x107% 45x10™* 2x 107>
M mmgese S sy 0.1 0.1 0.1 0.1 0.1 0.1 0.1 0.1 0.1
] o A v X X v X X v X X
23] A Cosine Step  Constant| Cosine Step Constant | Cosine Step  Constant
T TER 0.1 0.1 0.1 0.1 0.1 0.1 0.1 0.1 0.1
BhEEE Y 1.0 1.0 1.0 1.0 1.0 1.0 1.0 1.0 1.0
ks AdamW(B1 = 09,8, =0.95) | AdamW (B =0.9,8, =0.95) | AdamW (B = 0.9, B, = 0.95)
BF16 {itfb#% X X X X X X v v v
LEEE R 0.001 0.001 0.001 0.001 0.001 0.001 0.0001  0.0001  0.0001
LHRMERIESEL - - - - - - 0 0.001 0
Y45 token % 20B  7985B  19.5B 20B  8089B  20.0B 2.0B 796.5B  19.5B
AN 256 2304 64 256 2304 64 256 3360 64
P B 4096 4096 4096 4096 4096 4096 4096 4096 4096
JFAT AL X v v X v v X v v
WKL IHAT x v v v v v v v v

WB B . eI B, AT B R e SR PN SRR 2 45 B S A EE T o (T
ITAA LSE-TET SET Bk, BATHEMAL A ZEI R , SO AR token JEAT S,
XF RGPS s HEATHERS AL HE o SR AR PR AE ST, AT Z RIS ES DeepSeek-V2 [53]
A SCAH R BRI S o T ER R TR E 2 AL ILSE- 16 S AR5 LR R, WfREE
EI s A VQA, OCR. s/ 2/ S0/ FIGERAR . ASEREACAS . DLIEHERE ., WLHE7E (DA
FOEE R

4.2. BB M

DeepSeek-VL2 YGRS R T35 270 . FA T LA RBARBOT ) m U -6 HAL-
LLM [30] #E47 TIN5 3P0 . ZERATRRUKEIFATHRIE T, — A T2 T I ot g e A
T LLM AT BA BT R . MR RK SRR 0T, e a5 24E GPU 2
[AIHEATRG A0 ) S s, DAL UK G GPU AR, S, FRATHERK L1759
I L A A AR AR LR R o AN, FRATAER 5 R g AR R, TR R AT
rank 2 [B] AT B> B OB, PAGAR SIS - R s 2 EUW B B BRI ). 3K
MR Rt il & 7K EIHAT 5L 5HTROR, PASEBURIIIGRACR . T 50 BRat k42
EOCARRAE T — LA R, FNTT R ) S R BT T AN [R] B4 K 2SR
TR TR 8IS . DeepSeek-VL2 YiIIZR7HILE 7/10/14 KNSERL, B HAERERILEL) 51K
16/33/42 A~75 i, BTSN 4E 8 5k NVIDIA A100 GPU.
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% 3 | £ OCR HIXZBEIEMENIA I 5 e BRI X LE. T2 MoE iU iE S 40

X DocVQA  ChartQA  InfoVQA TextVQA OCRBench
Model #Params (LLM) #Params (VE) #Params (Activated)
tdE)  (E) (k) (RIEE)
PR

GPT-4V [69] - 87.2 78.1 75.1 78.0 645
GPT-4o [32] - - - 92.8 85.7 79.2 774 736
Claude 3.5 Sonnet [5] - - - 95.2 90.8 74.1 74.1 788
Gemini-1.5-Pro [81] - 93.1 87.2 80.1 8.7 754

JFJEBR (0.5B - 3B)

LLaVA-OV 0.5B [45] 0.5B 0.4B 0.9B 70.0 61.4 41.8 - -
InternVL2-1B [16] - - 0.9B 81.7 72.9 50.9 70.5 754
MM 1.5-1B [107] - - 1B 81.0 67.2 50.5 72.5 605

DeepSeek-VL2-Tiny 0.6Bf 0.4B 1.0BF 88.9 81.0 66.1 80.7 809
MolmoE-1B [22] 1.2B7 0.3B 1.5B7 T 78.0 53.9 78.8

MiniCPM-V 2.0 [99] 2.4B 0.4B 2.8B 71.9 - - 74.1 605
InternVL2-2B [16] 1.9B 0.3B 2.2B 86.9 76.2 58.9 734 784
Qwen2-VL-2B [88] 1.5B 0.7B 2.2B 90.1 73.5 65.5 79.7 794
MM 1.5-3B [107] - - 3B 87.7 74.2 58.5 76.5 657

DeepSeek-VL2-Small 2.4BF 0.4B 2.8BF 92.3 84.5 75.8 83.4 834
FHIERL (4B - 13B)
Phi-3.5-Vision [1] 3.8B 0.3B 4.1B 69.3 81.8 36.6 72.0 599
InternVL2-4B [16] 3.8B 0.3B 4.1B 89.2 81.5 67.0 744 788
Aria-MoE [46] 3.9B 0.4B 4.3B 92.6 86.4 - 81.1
MM 1.5-7B [107] - - B 88.1 78.6 59.5 76.5 635

LLaVA-OV 7B [45] 7.6B 0.4B 8.0B 87.5 80.0 68.8 -

Molmo-7B-0 [22] 7.3B 0.3B 7.6B - 80.4 70.0 80.4 -

MiniCPM-V2.6 [99] 7.6B 0.4B 8.0B 90.8 82.4 - 80.1 852 (CoT)
InternVL2-8B [16] 7.7B 0.3B 8.0B 91.6 83.3 74.8 774 794
Qwen2-VL-7B [88] 7.6B 0.7B 8.3B 94.5 83.0 76.5 84.3 845

Pixtral-12B [3] 12.0B 0.4B 12.4B 90.7 818 (CoT)  50.8 75.7

DeepSeek-VL 7B [59] 6.9B 0.4B 7.3B - - - - 456

DeepSeek-VL2 4.1Bf 0.4B 4.5B7 93.3 86.0 78.1 84.2 811

5. VHAk
5.1. ZELantkfe

FEENA  FAITE— R BELEN KX DeepSeek-VL2 #E47 T2 T4l , 4245 DocVQA [66].
ChartQA [65]. InfoVQA 2 [67], TextVQA [77]. RealWorldQA [95]. OCRBench [57]. AI2D [34],
MMMU [105], MMStar [13]. MathVista [60]. MME [26]. MMBench. MMBench-V1.1 [58] DA
MMT-Bench [100] . 5% £ HEM A TE 7 A SCRIERAR | 1S MRAT 21 DL TH 57 DA ple 2 2 L 55
M RERS TG A TR AT RE Sy S TP s L RE 1), FRATHE RefCOCO, RefCOCO+
1 RefCOCOg FMEMIA_EX] DeepSeek-VL2 #EAT 7l [33, 64].

g e BRIt e 7 2 BSEREMEN L, FRATRF DeepSeek-VL2 5 i Se il #4717 %t
tt, fu3% LLaVA-OV [45]. InternVL2 [15]., DeepSeek-VL [59]. Qwen2-VL [88]. Phi-3.5-Vision [1].
Molmo [22], Pixtral [3], MMT1.5 [107] I Aria-MoE [46]. &5 B 4245T3 3 Fl 4. 1535 T3A1H MoE
24ty DeepSeek-VL2 DASE /DRI S B T A sl E LAY MERE . R GEREEN B, FROTH

29 InfoVQA A1 S Hobs FLR P i K G, FRATHE -G I3 0 By K Cr = {(m - 384,n -
384) | meN,neN,1<m,n,mn <18},
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4 | AEMBITIRI S SO 2 BRI L S5 5 SE BRIt e . T MoE SIS 4L
o N TEARIFEBCE T

i SR | MMStar AI2D MMMU MME MMBench MMBench MMBench-V1.1 MMT-Bench RealWorldQA  MathVista
() (i) (BRuEsE) B4y (i) Chsamidge) (L 7T46)
PR
GPT-4V [69] - 56.0 89.4 63.1 1,927 81 80.2 80 64.3 61.4 58.1
GPT-4o [32] - 63.9 94.2 69.1 2,329 83.4 82.1 82.2 65.5 75.4 63.8
Claude 3.5 Sonnet [5] - 62.2 94.7 68.3 1,920 79.7 80.7 78.5 - 60.1 67.7
Gemini-1.5-Pro [81] - - 94.4 62.2 - - 64.5 70.4 63.9
JFEEO (0.5B - 3B)

LLaVA-OV 0.5B [45] 0.9B 37.7 57.1 31.4 1,478 61.6 55.5 59.6 - 55.6 34.8
InternVL2-1B [16] 0.9B 45.7 64.1 35.4 1,794 65.4 60.7 61.6 49.5 50.3 37.7
MM 1.5-1B [107] 1B - 59.3 35.8 1,611 - - - - 53.3 37.2

DeepSeek-VL2-Tiny 1.0B* 45.9 71.6 40.7 1,915 73.3 69.2 68.3 53.2 64.2 53.6
MolmoE-1B [22] 1.5B* - 86.4* 34.9 - - - 60.4 34

MiniCPM-V 2.0 [99] 2.8B - - 38.2 1,809 69.6 68.1 - B - 38.7
InternVL2-2B [16] 2.2B 49.8 74.1 36.3 1,877 73.2 70.9 69.6 50.4 57.3 46.3
Qwen2-VL-2B [38] 2.2B 48 4.4 41.1 1,872 74.9 73.5 722 54.5 62.9 47.8
MM 1.5-3B [107] 3B - 65.7 37.1 1,798 - - - - 56.9 44.4

DeepSeek-VL2-Small | 2.8B" 57.0 80.0 48.0 2,123 82.3 80.3 79.3 62.9 65.4 60.7

JFJER (4B - 13B)

Phi-3.5-Vision [1] 4.1B 47.5 78.1 43 - 76 66.1 72.1 53.6 53.6 43.9
InternVL2-4B [16] 4.1B 54.3 78.9 47.9 2,060 78.6 73.9 75.8 55.7 60.7 58.6
Aria-MoE [46] 4.3B7 - 54.9 - - - 66.1
MM 1.5-7B [107] B - 72.2 41.8 1,861 - - - - 62.5 47.6
LLaVA-OV 7B [45] 8.0B - 81.4 48.8 1,998 80.8 - - - 66.3 63.2
Molmo-7B-0 [22] 7.6B" - 90.7% 39.3 - - - - - 67.5 44.5

MiniCPM-V2.6 [99] 8.0B 57.5 82.1 49.8 (CoT) 2,348 (CoT) 81.5 79.3 78.0 60.8 65.0 60.6
InternVL2-8B [16] 8.0B 61.5 83.8 51.8 2,210 81.7 81.2 79.4 60.0 64.4 58.3
Qwen2-VL-7B [38] 8.3B 60.7 83 54.1 2,327 83 80.5 80.7 63.7 70.1 58.2

Pixtral-12B [3] 12.4B - - 52.5 (CoT) - - - - 65.4 58 (CoT)

DeepSeek-VL 7B [59] 7.3B - - 36.6 - 73.2 - - - - -

DeepSeek-VL2 4.5BF 61.3 81.4 51.1 2,253 83.1 79.6 79.2 63.6 68.4 62.8

DeepSeek-VL2 5 Groudning DINO [56]. UNINEXT [52]. ONE-PEACE [87]. mPLUG-2 [07].
Florence-2 [96]. InternVL2 [16]. Shikra [11], TextHawk2 [103], Ferret-v2 [108]. MM1.5 [107]
1 Qwen2 [88] #EAT TR EL . FRATABIRZEAR A T O0 T HABA S5 S8 (VL Ms).

5.2. @MW

TEATH, FATER T DeepSeek-VL2 BIARTFRE ST, 175 Mt ] 2 2 00 ot ke A AN AL 38
fiL.

MNBRERNZ. Sa FRAOFE-iES (VL) Bl EMZ L BN (SFT) %
#it , DeepSeek-VL2 £33 17255 Tl e B S 4R THIRE J7, QiiEl 4 iR o RVARTHT 1B
e SR PR R T R B, BEAE A E DL AR . 38 AR SEH DA R 3 SO SOA . bk, B
TE R RHR T E I R, RENSMER IR @ . Y250, FATER 5 H1 /R T DeepSeek-VL2
R (meme) BRARJTHASGHE, EREGHESFIER T3, HEEA B LS sl
(PR AL

LRGN 6 JiR, DeepSeek-VL2 FEZ5 (KN4 75 T R B H 2T RE /7. FATHORIRLAERS
T2 KR Z AR RIS 225, NI G 2 5K R A S IR RO HERR. N, ERERS
AR E B b A I 7 B ) A — T2
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Describe this scene in detail.

all harmoniously coexisting within the same visual space.

(w4 An expansive coastal landscape dominated by towering limestone stacks rising dramatically from turquoise waters of the
ocean. These natural formations are part of The Twelve Apostles geological formation located on the Great Ocean Road in
Victoria, Australia. In the foreground stands a prominent stack closest to the viewer's perspective; it is flanked by smaller
stacks extending into the distance towards the horizon where they gradually diminish due to atmospheric haze or mist
shrouding them partially. To the right side of the frame lies a sandy beach that curves gently around as if embracing the rugged
cliffs which form the backdrop for this scene. The sky above appears overcast yet diffused sunlight illuminates parts of the cliff
faces casting subtle shadows across some areas while highlighting others, adding depth and texture to the overall
composition. Small waves break against both the base of the stacks and nearer shoreline creating white foam patterns
contrasting sharply with the deep blue-green sea water below. Vegetation can also be seen at various points including atop
certain stacks providing hints of greenery amidst predominantly earth-toned rock structures. This serene but powerful
seascape captures nature’s grandeur through its interplay between landforms, water bodies,

light conditions, and vegetation

Landmark Recognition

N 4

Poet Writi

Lm&@?ﬁfAT A EI‘] %ﬂlﬁﬁu IA—s
R #%n‘lﬁﬂﬁﬁ’] )18 B MR EFHXEOPE
1BIER. JZWEI}WUF%%%@EP HRERAHR
#o

%&%F‘E

XA TR T P E AR BN B S A X
BME. IR RXAEAR 05k U0 BB AR REALT 7
S, MHRTEREROWEZ— ARFESFWHLSTEER,
BEMANENER GRS T

TEEIX R

E%ﬁt%&g EFEKE‘]TEEEEPIS‘JE?E BB EFEMNHLIAA

General Knowledg

The cake in the image is themed around the iconic cartoon series
"Tom and Jerry." This series, created by William Hanna and Joseph
Barbera, first aired in 1940 and became one of the most famous
animated shows of all time. The story revolves around the never-
ending chase between the cunning Tom the Cat and Jerry the Mouse.
Each episode typically features Tom making various plans to catch
Jerry, only to be outsmarted or thwarted by Jerry's cleverness and
cunning. The dynamic duo is a symbol of constant rivalry and humor,

This cake captures the essence of their playful and chaotic
relationship through its design and decoration.

Can you introduce the
background story of this cake?

and their interactions have been a part of popular culture for decades.

FAXERRE—ETF

Q (al)

FEHIRREE,
arE I REER.
U RS,
— LRSI
SESITUR T 1L,
BHERERYN.
REME LGS,
HIBFEDIZ.

Chart Understan

Text Recognition

Comparison of Multilingual Datasets
(ar, fr, ru, th, tr, zh)

S

FineWeb 2 (Ours)

—— CulturaX
HPLT-2

— cc-100

—— CommonCraw!

IS

Average Normalized Score

mc4
HPLT

5 10 5 20 25 30
Training tokens (billions)

Can you explain this chart to me?

The chart shows a comparison of multilingual datasets based on the average normalized score across six languages:
Arabic (ar), French (fr), Russian (ru), Thai (th), Turkish (tr), and Chinese (zh). The x-axis represents the number of training
tokens in billions, while the y-axis shows the average normalized score, which is a measure of model performance.

### Key Points:

1. **Datasets Compared**:

- FineWeb 2 (Ours)

- CulturaX

- HPLT-2

CC-100

- CommonCrawl

-mC4

-HPLT
2. **Trend Analysis**:

- FineWeb 2 consistently achieves the highest average normalized score, indicating superior performance compared to
other datasets across the given range of training tokens.

- The other datasets show varying levels of performance but tend to converge towards a similar score as the number of
training tokens increases.
3. **Performance Insights**:

- Initially, FineWeb 2 has a significant advantage over other datasets, which highlights the effectiveness of the data
collected in this dataset.

- As training tokens increase, the performance gap between datasets narrows, suggesting diminishing returns in terms of
dataset size.

- FineWeb 2 demonstrates robustness, maintaining a lead over the other datasets throughout the training process.

### Interpretation:
The chart underscores the importance of dataset quality and size in achieving high model performance in multilingual

tasks. The superior results of FineWeb 2 indicate its potential to enhance language model training for various applications
across multiple languages.

What's written on the large black board.

@ Serving Soul Since Twenty Twelve

EhEEfRTARE?

& EFRTFMESTIE XN RIRG.
e ERRMR A
(West Lake Fish Cake) , ©2—FMFE#
E“'%ﬁiz_sﬁ@uuc HILEERNREES

RS I, X FRONEERRER S s

HASE R TE & R R
ﬁ%ﬁﬁ—ﬂ, FETE AR B AOTRE R EI0
FBE MMM —EERER, TEEA
HadliE, 2ERGE. B BEERRE
BRE#T 0. MR EEERE 2 A
%g‘;%ﬂ’tﬁﬁﬁa X—EREREBET L2HM
JEZ =

KEY DeepSeek-VL2 AR . FATB RS2 TR RE S, SRR
EvE. w

R BRI, SCRHAEE
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me understanding

LIFE OF A PhD student

What does this image imply?

Explain this meme to me.

i B % B R AR B

&

vas

}J'-!\,\v - ”

TR — T X SKAERE

ﬁmﬁ%ﬁ%@i?mﬁ
= L.
&7

X7

.\

XSKE AT AHFR

The image humorously depicts the contrasting thoughts of a PhD student. On the left, the studentis
working at a desk, surrounded by books and papers, dreaming of a relaxing beach vacation. On the
right, the student is actually at the beach, but their mind is still consumed by thoughts of work,
represented by stacks of papers and a laptop. This illustrates the common experience of PhD students
who often find it difficult to fully disconnect from their research, even when they are physically away
from their work environment.

This image depicts a humorous situation involving a young child and a cake. The child, appearing

determined and mischievous, is depicted biting into a large chocolate cake on a table. The text at the
top of the image reads: “Mom told me not to touch it.”

### Analysis and Meaning:

1. **Disobedience theme**: The text implies that the child has intentionally ignored the instruction or
warning given by their mom. This reflects the common tendency of children to follow rules reluctantly
and test boundaries when told otherwise.

2. **Humor in contrast**: The exaggerated act of biting the cake makes the situation absurd, adding to
the humor. The over-the-top behavior contrasts with the seemingly simple instruction, creating an
unexpected and funny outcome.

3. **Relatable scenario**: This image humorously captures a widely understood, everyday behavior—
children wanting things they are told they cannot have, leading to playful and sometimes rebellious
actions.

4. **\lisual cue**: The child's action of taking a bite adds a dynamic and engaging element to the
humor, amplifying the sense of mischief and delight in the moment.

In short, this image humorously captures the playful defiance of childhood, using the visual of a child
taking a bite of an untouchable cake to amplify the humor and relatability.

BRABERR T —fre A s, MPEEREBE - ERETHDENER. ETRXR AR R RN
T BRBZANTAS BAMERMNELKRE—E.

TS B

1 BRI R SIS LLA BB 1~

-EANFERGTHED, BADRSKANDTENEE, MlEAETITEFA XERR—MHLESIN
EE. BERMRAT —AAERENRTHRENTE (DERPLEER) HOTEFTLH.

2. N FS5EEMEE

RERBRANH SEAMAERXE BERLT —MEEN. BESKOSHEBRANES. AMIEE
AP E L ER RS ROBRYS, tnREERBRELRIGE, #RIFES. MG MUIRRTS MR
BT RRIL K

3o R

-BAGERREZAR LERNIERS, AHRARTESSE, AMSBIAEERE. FEE, HtETHNE
KERATREBMEAMNERNBEEER, EFEROHEBM,

#Hi# B8

XEKAEERS AR FHES, FIA—MsBMSROTFE, Tk 7 A (BRI E 5 R B A
DI, ERBT —MEEMNER THEEARRTENETED, RBRZAMTESNBAARE, SENRELE
RE, AEERBIERAE,

XeRER—MEAMBAER, FATEFXNEETRSEIIN LR THE

#iH B RS

1o BT SRR TR, RRPEEBENERNBIAAESMFRANES, THED.

2. g R CERER AR LIRS PRBOSR, KEERTRE, E-00AaBEn T ACEED
SEFIEEE, BREEARGAETE, huRNEREEREKRITE.

BRI

1o B SREF R BEMREBERARRUBA. TROFER, BEXE, BIWHTHT, ERT
SR, R T WERAIERER .

2. HRME I BRI ARG RATFPNEEDSD, USRI ELRESIRAR LS,
&"ﬁg%ﬁﬁg“:%—ﬁﬁﬁmﬁﬁg,ﬁ%%i&%ﬁ@%%ﬂ%%ﬂmﬁm%ﬁ,ﬁﬂﬁfﬁ%@mm
AR R

##H G

BOkEBI R (R, eBRINR T R P E NN T EOE, RESULEHERMUERHASO—K.

o

4 5 | DeepSeek-VL2 [ WHfife ). FATHIBILRENS PRS0 A BT F R iR
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Multi-image conversation

I am having lunch now and | like sweet things. What would be a good drink to pair with my meal?

& A good drink to pair with your meal might be the milkshake from image 3. The sweetness of the milkshake can
complement the flavors of your spaghetti dish.

BERS AL B —ERE?

@ HATR XANREEATHE b TAMEDE, THUMENKEFEFE. RTNSHXERSE NEXENER.
## i NEXBMER
#H AR

-BHE 2k
- TBR
SRR
-HER

- BREHIRE (k)
#

1_**9\[&2%&‘-: **

-BEMBRREYIR, REKR30DMENK, HEHER.

-HE MR, VIR BRI, VIR

2. **fggK: **

EBBEARE. MABKRER, RFARN, AL B,
3. **ify NS

BEESRER HA\BEE ARIABEFOE.

4, i xx

-EINEKERREINE, BO9S, MARRE. Eih. 5B 2 AAEEHUK, ZWMERSTH, BERRRE.
5. **MAECE: **

SRR, IAEE MNIEK, SR04, BRIEERA.

6. **-[J’ﬁu*: *%

-BREMASTESEE, RBDAOKAR, H¥HS, DTHHBER.

RERE NEXBWEH, REFE 500, FREAERERNTRAORNAL.

¥ 6 | DeepSeek-VL2 M ZEIXIGHEN . FATMBBRES L KR Z R KR, FFETIE
BEATHERE
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Visual Story Writing

Can you help me write a short travel story based on these photos?

Q Title: "A Voyage Through Time and Light”

The wait was a symphony of anticipation, each note a silent prayer to the gods of travel. | sat in the Paris Airport terminal, the word
"BIENVENUE" etched in bold, inviting letters above me. The Eiffel Tower symbol floated serenely, a promise of what was to come. |
reached into my bag, feeling the cool metal of my suitcase handle, and bit my lip, trying not to sink further into the comfort of the
grey seats. The ceiling lights buzzed softly, casting a sterile glow that neither cheered nor soothed my nerves.

| boarded the plane, the roar of engines a symphony of promise. As we soared above the clouds, the world below became a
patchwork of life—houses, roads, rivers—each a story waiting to be told. Then, the familiar spire of the Arc de Triomphe appeared,
its grandeur a testament to human ambition. | watched, entranced, as the plane descended, the iconic archway a beacon of hope
and history. The sky, a canvas of blue, welcomed us with a smile.

Finally, we landed. The terminal buzzed with life, a cacophony of languages and laughter. | walked through the glass doors, the world
outside a blur of green and grey. | found myself in a room, the Mona Lisa's eyes staring back at me, a mystery untouched by time. The
golden frame shimmered, and | felt a connection, a fleeting moment of understanding. The reflection in the glass showed me a
different perspective, a reminder that beauty is in the eye of the beholder.

| left the room, the Mona Lisa's enigmatic smile still etched in my mind. The journey had been a dance of light and shadow, a
symphony of moments that painted a picture of a city where every corner held a story. As | stepped outside, the Parisian night
embraced me, a welcome that felt both ancient and new, just like the city itself.

PR it — RS

& (ERHFE)

CHHRRNALSPMEG, SELRBFEAZALAMNECERIEE, B EMISETRRRTATR, HHEXNMTOHRTR—EE. &
REEMTE, REXRL, MiLhARHTHEF. hmnE, SBEE—PTFANKE.

HEREGE, EREEERT R WRARRLE. PRPAOLEONT, EREAXTRGFERTAET. ERACBEMBELR, R, EEF
M—PIEEILT, RAEMOPRRERNHEEEN.

MEXEN, —fa2csnRNHREMTR . BRFROICHGEEESCART, HRERIELENEE. RIMEFERLE, XHEERE
E-HE, RERENELTFEEF.

ERAEREBRS, RERMKE T —HIABESCHETIEET . SANNTERETREEM. BIRHAIRRANT, BRE, MTHERT
—RENNE. ZREERI—RNIBIMOREE, MBMNE XRABRNREE.

UERERER ERAETEFRBNLEREE T LS, BHKE, CPRBTHESHEL IPER, ARKETER TRIATRONNE,

¥ 7 | DeepSeek-VL2 M#LHERIHHE ). FATHBR AT AR Z KGR A, FFREEE
S SR — AN
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25 | AERLSE R L AR HEDIA b5 dp SERE BRI bk o FRATTAS R MU A AR 2 5 7 ] 25 USSR MLLM
AT T AR

- RefCOCO RefCOCO+ RefCOCOg
e val testA testB val testA testB val test
Grounding DINO-Tiny [56] 89.2 91.9 86.0 811 87.4 74T 85.2 84.9
Grounding DINO-Largey [56] 90.6 93.2 88.2 82.8 89.0 75.9 86.1 87.0
UNINEXT-H [52] 92.6 94.3 91.5 85.2 89.6 79.8 88.7 89.4
VLM + {E55%etidii
ONE-PEACE [87] 92.6 94.2 89.3 88.8 92.2 83.2 89.2 89.3
mPLUG-2 [97] 90.1 92.8 86.1 - - 86.1 84.7 85.1
Florence-2-B [96)] 92.6 94.8 91.5 86.8 91.7 82.2 89.8 82.2
Florence-2-L [96] 93.4 95.3 92.0 88.3 92.9 83.6 91.2 91.7
J¥ VLM (0.5B - 3B)
InternVL2-1B [16] | 836 88.7 79.8 76.0 83.6 67.7 | 802 79.9
DeepSeek-VL2-Tiny 84.7 87.8 78.4 75.9 83.9 67.4 73.8 83.9
InternVL2-2B [16] | 823 88.2 7.9 | 735 82.8 633 | 776 78.3
DeepSeek-VL2-Small 93.9 95.3 91.3 89.4 92.9 84.8 92.6 92.6
JFJE VLM (4B - 9B)
Shikra-7B [11] 87.0 90.6 80.2 81.6 87.4 72.1 82.3 82.2
TextHawk2-7B [103] 91.9 93.0 87.6 86.2 90.0 80.4 88.2 88.1
Ferret-v2-7B [108] 92.8 94.7 88.7 87.4 92.8 79.3 89.4 89.3
InternVL2-8B [16] 87.1 91.1 80.7 79.8 87.9 71.4 82.7 82.7
MML.5-7B [107] - 92.5 86.7 - 88.7 77.8 - 87.1
Qwen2-VL-7B [88] 91.7 93.6 87.3 85.8 90.5 79.5 87.3 87.8
DeepSeek-VL2 95.1 96.7 92.7 91.2 94.9 874 92.8 92.9

BN, TEE 7, FATER T DeepSeek-VL2 GEASARIG &I 5 BIMERCE . #eF A
REJyfan T IR KR A RE Sy, AR R A2 45 ] (OCR), SCHIPASR (8 SCA 5%
WoR. BEAh, T ECE A RE S A 40 SCAH) DeepSeek Chat A1, ZARAIC B4 RAUFIY &4
Xt55, RMAERATH I LR ML 2] DeepSeek-VL2 7AW R A 5 & NSFW Hijiti o 4Kii
ERERRE, PSR i R E TSR EE (e.g. B 2RI, 3ifE) f12
PRI (e.g. BIERARIRISER ), SXFTRE S RELE SR/ M iE 54 (LLM/VLM) BF
FEHP R A EORAFAENAEM . FANTETERRMITT 5, 705 TR LEPR A [ 1 9 SE A2 1
ISR .

AL Wt E L2 AN DeepSeek-VL2 5 AR —TiHfE S fEK 8 w, HAERT
DeepSeek-VL2 (i I E(LAETT . AR, RAERAMTINGHEFHIGR BBk A AR F, B
BB AL W RSN A TR SR AR R, (HIRAT A ISR RS 12 A B H M7 55 (AR B A
2hi& ), H BRSNS S EE ). s, FATFER] 10 Hf#/R T DeepSeek-VL2 A
& BT SOSEEAIRE ). SR IKE G AR i SERm 18 10) . B RERE A2 5K
PG e L[R2 1 . FATIE I RIBRR ILL M BLRE T - 45 7€ — KR RISCA A, B ARG
ZEE MRS IORME R, AR IR RB X R R PIR . AR SR B T A 10 B3 ATRISE =
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Natural Scenes

Locate the <|ref|>space needle<|/ref|>
in the given image.

<|ref|>The giraffe at the back.<|/ref|>

Find all the <|ref|>Watermelon
slices<|/ref|>

Identify <|ref|>Albert Einstein<|/ref|>
in this picture.

Identify all objects in the image and
output them in bounding boxes.

Web Ul/Screenshot

1:30 il 31 il
Search Settings
Q Games, Apps, Stories and More ] Aeroplane Mode
WicFi DeepSeek
Browse See All
B suetoorn on
‘ ==
Top Apps Top Games.
B Personal Hotspot
7~ m VRN Connected
Social

Networking

eBO0DE OGB0;

Notifications

Sounds & Haptics
Focus

Screen Time

General
Control Centre
Display & Brightness

Home Screen & App Library

@
{
G

Today o » Search

Accessibility

Pinpoint <|ref|>Notifications<|/ref|> in

<| >, i <| > . PR "
lisfigactionlcamssaist] the image with its coordinates.

= deepseek (o

Hi, I'm DeepSeek.
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Grounded Conversation
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<|grounding|>If you feel hot, what will <|grounding|> I'm a fig lover, which one e e e rorlc peate <|grounding|>I want to throw out
you do? would you recommend? g €l P : the trash now, what should | do?
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In-context Visual Grounding

<|grounding|>In the first image, an object within the red rectangle is
marked. Locate the object of the same category in the second image.

<|grounding|> Find the most frequently appearing fruit from the first
image in the second image.
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<|grounding|>According to the first image, which dish contains that
ingredient in the second image?
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